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Abstract 
The January effect implies that small firms experience large returns in January and exceptionally large 
returns during the first few trading days of January. This paper examines the January effect pattern on the 
Romanian stock market. The observation period was divided into sub periods: January 2003  December 
2007 (before crisis) and January 2008  December 2010 (during crisis). We found that the January effect 
occurs before the financial crisis, but during the crisis the effect had been observed as being present only 
for the third portfolio (which contains the companies that have the smallest capitalization value).  The 
observation of this effect can help the investors to establish a profitable investment strategy. 
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1. Introduction 
 
The January effect is a calendar-related anomaly in the financial market where financial 
security prices increase in the month of January. This creates an opportunity for investors to buy stock for 
lower prices before January and sell them after their value increases. 
Therefore, the main characteristics of the January Effect are an increase in buying securities before 
the end of the year for a lower price, and selling them in January to generate profit from the price 
differences. 
The reason for choosing this topic is to observe the existence of this anomaly on the Romanian 
market, in order to help the investors to establish a profitable investment strategy.  
The most common theory explaining this phenomenon is that individual investors, who are income 
tax-sensitive and who disproportionately hold small stocks, sell stocks for tax reasons at year end (such as 
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to claim a capital loss) and reinvest after the first of the year. Another cause is the payment of year end 
bonuses in January. 
On the other hand, institutions and traders sell off stocks the end of the year for tax reasons and 
portfolio dressing. Then they start buying again in January, often favoring small companies. While there's 
certainly some controversy about whether the January effect is legitimate since its "discovery" in 1942, 
there are behavioral reasons why it may exist. Many investors like to clear out their deadwood by the end 
of the year and start afresh in January. 
Since institutions, which dominate the market, migrate from category to category, they may shift 
from once-favored stocks - such as large companies - and move into small caps.  
Also, some investors ascribe mystical powers to January, saying that as goes January, so goes the 
year, or, as go the first five days of January, so goes the year. For example, when the S&P500 has a net 
positive gain in the first five trading days of the year, there is about an 86% chance that the stock market 
will rise for the year, it has worked in 31 out of the last 36 years (as of 2006). The five exceptions to this 
rule were in 1966, 1973, 1990, 1994, and 2002. Four out of these five years were war related, while 1994 
was a flat market. As history suggests, the markets average nearly 14% gains when the January Effect is 
triggered. 
The present paper examines the January effect pattern on the Romanian stock market, during two 
periods: before the financial crisis (January 2003  December 2007) and during the financial crisis 
(January 2008  December 2010). 
In the first part of the paper a review of literature regarding the existence of the January effect on 
different markets is presented. It could have been observed that the January anomaly is present and robust 
through the years in most countries of the world.  
Further on, the paper presents the methodology and the data that were used, but also the empirical 
results that were obtained for each observation period. 
In the last part of the paper, the conclusions that resulted from the analyses are presented, along with 
their importance for the investors when choosing an investment strategy. 
 
2. Literature Review 
The predictability of stock returns has been a core topic among academic researchers in financial 
economics as well as industry practitioners for years. Any new documented persistent stock anomaly will 
attract significant interest among researchers and practitioners as it provides the prospect of making 
abnormal returns for investors. The January effect has been widely studied for a profitable investment 
strategy and different theories have been raised to explain this phenomenon. 
The January effect was first studied by Wachtel (1942) using Dow Jones Industrial Average for the 
time period 1927-1942. Rozeff and Kinney (1976) demonstrated that stock returns of the US stock 
markets are in the first month of the year significantly larger compared to other months. Keim (1983) 
uses monthly dummies in order to test the January effect and also proves that there is a relationship 
between the January effect and the size effect. Many subsequent studies demonstrate this effect. A 
definition of the January effect is the tendency of the stock market to rise between the last day of 
December and the end of the first week in January. In the literature, most of the studies support the 
existence of this effect and the fact that the January effect is more significant for small firms. 
Subsequent work has demonstrated that this was an international phenomenon (Gultekin and 
Gultekin, 1983; Nassir and Mohammad, 1987; Ho, 1999), although less prominent in some emerging 
markets (Claessens et al. 1995; Fountas and Segedakis, 2002; Ho 1990). 
Mustafa and Gultekin (1983) tested 17 countries during the period 1959-1979 and showed that 11 
countries, such as Demark, Germany, Holland, Spain, U.S. and England have January effect. Tinic, 
Barone - Anderson and West (1987) tested the Toronto stock exchange index and found significant 
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January and size effect. 
Mehdian and Mark (2002) tested the Dow Jones index, NYSE and SP500 (1964-1998) and 
demonstrated that there was significant January effect between 1964 and 1987, but there was no January 
effect after 1987. 
The main explanations for the January effect are: the year-end tax-loss-selling hypothesis (Branch, 
1977; Dyl, 1977 and Schultz, 1985); the window-dressing hypothesis (Haugen and Lakonishok, 1988 and 
Ritter & Chopra, 1989); turn-of-the-year 'liquidity' hypothesis (Ogden, 1990); accounting information 
hypothesis (Rozeff and Kinney, 1976), and bid-ask spread (Keim, 1989).  
Roll (1983) has shown that firms that have encountered negative returns during the preceding year 
gained larger turn-of-the-year returns at the beginning of the next year. Reinganum (1983) demonstrates 
that January returns are higher for some small firms whose prices had declined previously. 
Schultz (1985) observed the U.S. equity returns before 1917, a period in which the tax rates were 
very low for the investors (or even zero), and demonstrates that there is no evidence of a turn-of-year 
effect before 1917.  
Bhardwaj and Brooks (1992) conclude that for typical investors, the January anomaly of low-priced 
stocks outperforming high-price stocks cannot be used to earn abnormal returns. Draper and Paudyal 
(1997) explored the impact of seasonality on variables including returns within the UK stock market. 
Booth and Keim (2000) conclude that the January effect is 'alive' but difficult to capture. 
On the other hand, Ko (1998) gives some favorable evidence on the economic exploitation of 
seasonality. Specifically, he investigates the effects of international diversification on the stock market 
monthly seasonality from an economic point of view. He finds that the strategy using monthly seasonality 
outperforms a buy-and-hold strategy. 
It can be seen from the previous literature that although the January anomaly is present and robust 
through the years in most countries of the world, whether this anomaly can be economically exploited is 
still a question to be answered. 
 
3. Methodology and data 
3.1. Data 
The sample data consists of monthly closing prices for 30 companies (listed both on the 1st and 2nd 
tier on the Bucharest Stock Exchange) which were grouped into 3 portfolios, according the recorded 
values. Thus, portfolio 1 will include the companies that registered the highest values and portfolio 3 
those with the lowest values. The companies have different fields of activity, namely: the manufacture 
industry (23 companies), monetary intermediation (2 companies), cargo handling (1 company), 
development of building projects (1 company), extractive industry (2 companies) and wholesale and retail 
(1 company). 
Further on the presence of the January effect has been tested.  
The observation period was divided into sub periods: January 2003  December 2007 (before crisis) 
and January 2008  December 2010 (during crisis). 
 
3.2. Methodology  
Most studies investigating the January effect employ the standard OLS methodology. Keim (1983), 
Gultekin and Gultekin (1983) and Fountas and Segredakis (2002) were those who use this specification in 
testing the seasonal monthly and the January effects. 
 
Therefore, our model is specified as follows: 
 
    (1) 
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where tR  represents returns on a selected index, ,  and  are parameters; t  is an error term and  
are monthly dummy variables such that , for the ith month and equal zero otherwise. The dummy 
variables indicate the month of the year and  = February (1)  December (11). In this regression we add 
an autoregressive term, to cope with any serial correlation which may be caused by non-synchronous 
trading in stocks. The test for January effect is simply a test of significance of the estimated 
coefficient .  
There are different types of conditional heteroskedasticity models suggested in the literature. The 
main two are ARCH and GARCH models. ARCH model developed by Engle (1982) permits the 
variances of the forecasted return terms to change with the squared lag values of the previous error terms. 
We use the generalized version of the ARCH model developed by Bollerslev (1986) with the following 
specification:  
 
  (2) 
 
We decided to choose the Autoregressive conditional heteroskedasticity (ARCH) and generalized 
autoregressive conditional heteroskedasticity (GARCH) models, because they are the main tools used to 
model and forecast volatility. Moving from single assets to portfolios made of multiple assets, it can be 
observed that not only the volatilities but also the correlations and covariances between assets are time 
varying and predictable. 
Another reason for choosing these models is that autoregressive conditional 
heteroskedasticity (ARCH) models are used to characterize and model observed time series. They are 
used whenever there is reason to believe that, at any point in a series, the terms will have a characteristic 
size, or variance. In particular ARCH models assume the variance of the current error 
term or innovation to be a function of the actual sizes of the previous time periods' error terms: often the 
variance is related to the squares of the previous innovations. 
ARCH models are employed commonly in modeling financial time series that exhibit time-
varying volatility clustering, i.e. periods of swings followed by periods of relative calm. 
In an ARCH (p) model, next period's variance only depends on last period's squared residual so a 
crisis that caused a large residual would not have the sort of persistence that we observe after actual 
crises. This has led to an extension of the ARCH model to a GARCH, or Generalized ARCH model. 
The GARCH model described above and typically referred to as the GARCH (1,1) model derives its 
number of autoregressive lags (or ARCH terms) that appear in the equation and the second number refers 
to the number of movi
set up to forecast for just one period, it turns out that, based on the one-period forecast, a two-period 
forecast can be made. Ultimately, by repeating this step, long-horizon forecasts can be constructed. 
In the case of the Romanian market was used a model that can best describe the behavior of stock 
returns during the period under consideration, namely the GARCH (p,q) model. Previous studies have 
shown that a GARCH (1,1) specification captures the conditional volatility of returns quite well. It will 
also be used an ARCH (1) model, in order to remove any serial correlation in returns which may occur. 
Thus, both the equations (1) and (2) will became: 
 
  (3) 
 (4) 
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The seasonal volatility component was also investigated, so that the equation (4) turns into: 
 
    (5) 
 
In order for the January effect to be tested, the 30 companies were grouped into 3 portfolios. In 
addition, the BET-C Index was analyzed.  
 
4. Empirical results 
 
4.1. The first observation period (January 2003  December 2007) 
 
The portfolios studied for this period contain the following companies: 
 
 







SNP ART PPL 
BRD AZO EPT 
ALR CMP BRM 
TLV PTR CBC 
OLT MPN STZ 
IMP ELJ ARM 
ATB AMO SRT 
SCD ARS UAM 
TBM SNO MEF 
OIL PEI ZIM 
Source: own calculation 
 
Then for each portfolio the average price recorded, the total price and the share that each of these 
companies has in the total were calculated. The obtained data can be seen in the table below: 
 
Table 2. Statistical data of the analyzed portfolios (January 2003  December 2007) 
Portfolios Total price The weight of every company in the total price 
X1 X2 X3 X4 X5 X6 X7 X8 X9 X10 
P1 33.768 0.015 0.503 0.150 0.031 0.016 0.019 0.041 0.055 0.158 0.012 
P2 168.816 0.117 0.001 0.009 0.004 0.002 0.003 0.0004 0.054 0.048 0.762 
P3 30.572 0.353 0.015 0.079 0.311 0.016 0.019 0.003 0.023 0.081 0.100 
Source: own calculation 
 
It can be observed that the portfolio that registered the higher capitalization (P1) is not the one that 
has the largest total price, thereby enabling to say that the companies from P1 have a large number of 
companies listed, and the prices of the companies included in P2 are very high, especially if a comparison 
 
Further on, the price weighted portfolios and the monthly returns of the BET-C index were 
calculated, in order for the January effect to be tested on the Romanian capital market. 
If the values registered in January are positive and higher that those from the other months, it can be 
said that the January effect exists. 
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Table 3. Testing the January effect (January 2003  December 2007) 
 P1 (high values) P2 P3 (small values) BET-C 
 0.167 0.199 0.333 0.010 
 -0.184 -0.157 -0.379 -0.060 
 -0.106 -0.339 -0.363 0.037 
 -0.244 -0.225 -0.310 -0.021 
 -0.173 -0.269 -0.285 0.016 
 -0.199 -0.189 -0.333 0.069 
 -0.087 -0.109 -0.301 -0.014 
 -0.159 -0.166 -0.203 0.049 
 -0.139 -0.161 -0.326 0.054 
 -0.048 -0.204 -0.139 -0.010 
 -0.279 -0.151 -0.428 -0.048 
 0.034 -0.213 -0.168 0.175 
 -0.005 -0.120 0.573 
 
-0.029 
The variance equation 
 0.002 0.001 0.003 0.000 
 2.644 -0.091 1.892 2.253 
 -0.015 1.139 -0.071 -0.003 
Source: own calculation 
  
In the table above, it can be observed that the values registered during January are positive and also 
that the values related to the other months have negative coefficients.  As for the BET-C index it can be 
seen that the January effect is present, but the registered value is not a significant one, unlike for the three 
analyzed portfolios. Furthermore, the January effect is stronger for P3 (which includes the small 
capitalization companies) than for the other two.   
As for the variance estimation, even if the values are low, the estimated coefficients of the constant 
are positive, but the other coefficients are both positive and negative, which is not in accordance with the 
variance equation specification. Regarding the sum of the coefficients this is not below 1 as it should be 
for the analyzed period. So, the estimations that were made do not fulfill the requirements. 
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Table 4. Investigation of seasonal volatility component (January 2003  December 2007) 
 P1 (high values) P2 P3 (small values) BET-C 
 0.052 0.017 0.033 0.169 
February -0.045 0.004 -0.033 -0.007 
March -0.052 -0.002 -0.033 -0.005 
April -0.010 -0.014 -0.027 -0.006 
May -0.052 -0.009 -0.029 -0.005 
June -0.052 -0.014 -0.022 -0.005 
July -0.051 -0.012 -0.030 -0.005 
August -0.009 -0.001 -0.032 -0.001 
September -0.053 -0.016 -0.012 -0.006 
October -0.051 -0.007 -0.026 -0.005 
November -0.046 -0.011 0.050 0.009 
December 0.067 -0.016 -0.031 0.169 
Source: own calculation 
 
In table 4 the existence of the volatility component was investigated and it can be seen that from 
March to October the registered coefficients are negative for all the portfolios. The highest values can be 
observed during January, except for P1 were the highest value is in December, respectively November for 
P3. Thus, it can be said that also in term of volatility the January effect is present. 
 
4.2. The second observation period (January 2008  December 2010) 
 
During the analyzed period, the portfolios are the following: 
 







SNP MPN STZ 
BRD OLT CBC 
ALR PTR BRM 
TLV CMP PEI 
ATB PPL ELJ 
SCD ARS UAM 
ART SNO ZIM 
AZO TBM ARM 
OIL EPT SRT 
IMP AMO MEF 
Source: own calculation 
 
After calculating the average price for the companies included in each of the portfolios, of the total 
price and of the share that each of this company has in the total price, the next information were obtained: 
 
Table 6. Statistical data of the analyzed portfolios (January 2008  December 2010) 
Portfolios Total 
price 
The weight of every company in the total price 
X1 X2 X3 X4 X5 X6 X7 X8 X9 X10 
P1 27.550 0.011 0.465 0.123 0.041 0.028 0.034 0.259 0.013 0.011 0.014 
P2 12.739 0.033 0.029 0.041 0.038 0.206 0.142 0.475 0.013 0.021 0.002 
P3 40.148 0.009 0.167 0.019 0.691 0.006 0.028 0.043 0.005 0.001 0.030 
Source: own calculation 
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It can be observed that the portfolio with the lowest capitalization (P3) is also the portfolio that has 
the largest total price, but a relative low number of listed shares. 
Following in order for testing the January effect presence on the Romanian capital market the price 
weighted portfolios and the monthly returns of the BET-C index were calculated. 
 
Table 7. Testing the January effect (January 2008  December 2010) 
 P1 (high values) P2 P3 (small values) BET-C 
 -0.044 -0.068 0.138 -0.013 
 -0.018 0.037 -0.164 0.008 
 0.154 0.262 -0.109 0.138 
 0.111 0.115 0.057 -0.067 
 -0.046 -0.246 -0.295 -0.124 
 -0.052 -0.035 -0.286 0.026 
 0.360 0.087 -0.123 0.089 
 -0.078 0.038 -0.135 -0.008 
 -0.010 0.136 -0.118 0.054 
 -0.101 0.055 -0.178 -0.010 
 -0.038 0.021 -0.201 -0.018 
 0.010 0.128 -0.140 0.065 
 0.126 -0.305 -0.328 0.427 
The variance equation 
 0.014 0.000 0.000 0.000 
 -0.114 0.341 -0.006 0.512 
 0.679 0.592 0.838 0.469 
Source: own calculation 
  
It can be observed that the values registered during January are negative, except for P3. In the case 
of the BET-C index the registered value is still a negative one. Thus, it can be said that during the 
analyzed period only for the P3 the January effect is present. 
As for the variance equation, the values observed are low, and the estimated coefficients of the 
constant are positive. The other two coefficients are both negative and positive, which is not according to 
the variance specifications. In the case of the second portfolio and the BET-C index both  and  are 
positive and is above 1. This means that the estimations that were made satisfy the 
requirements only for P2 and BET-C. 
The next table presents the results obtained according to the seasonal volatility component. 
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Table 8. Investigation of seasonal volatility component (January 2008  December 2010) 
 P1 (high values) P2 P3 (small values) BET-C 
 0.032 0.172 0.107 0.009 
February -0.014 -0.172 -0.099 -0.007 
March 0.006 -0.155 -0.101 0.012 
April -0.025 -0.129 -0.109 -0.003 
May -0.018 0.149 0.261 -0.001 
June -0.012 0.215 -0.151 -0.001 
July 0.094 -0.205 -0.108 -0.009 
August 0.010 -0.167 -0.090 -0.008 
September -0.018 -0.158 -0.105 0.005 
October -0.003 -0.150 -0.108 0.012 
November -0.032 -0.173 -0.102 -0.007 
December -0.030 -0.169 -0.108 -0.008 
Source: own calculation 
 
It can be observed that in February, April, November and December the coefficients registered a 
negative value for all the three portfolios. The highest values were noticed in January, with some 
exceptions: July for P1, June for P2 and May for P3. So from the volatility point of view it can be 




The main characteristics of the January Effect are an increase in buying securities before the end 
of the year for a lower price, and selling them in January to generate profit from the price differences. 
The most common theory explaining this phenomenon is that individual investors who 
disproportionately hold small stocks, sell stocks  at year end and reinvest again in January, often favoring 
small companies.  
So, the January effect can help the investors to choose the type of companies in which he would 
like to invest from the capitalization point of view, but can also help the investor to decide when to trade 
in order to gain profit or reduce the loss. In other word, it can help the investors to choose a profitable 
investment strategy. 
As a result of the tests that were conducted it was observed that on the Romanian market the 
January effect occurs before the financial crisis, but during the crisis, due to lower share price, negative 
values were obtained. Regarding the January effect, it has been observed that during the crisis only for the 
third portfolio (which includes companies - 10 of them  that registered the smallest capitalization) the 
effect was present, for the rest portfolios only negative values were obtained.  
In conclusion, it can be said the Romanian investors can obtain profit if they sell their stocks 
during January, but during crisis periods they will gain more by investing in companies that register small 
capitalization, because price evolution of these companies on the market is not so much affected by the 
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